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ABSTRACT 
 
 

Dental check-ups can be quite a time-consuming process and the cost of a simple check-up can also be 

expensive for people in the lower economic spectrum. Currently, the most common way of a dental check-up is 

coming straight to the dentist and asking about what illness the patient is possibly dealing with, and that without 

prior knowledge of the symptoms, patients must deal with expenses and time without even needing one when the 

illness is mild and can be mended directly. Currently, there is no dataset of oral symptoms available publicly, 

and there are only a handful of tools to see the sort of illness arising from symptoms. This research aims to give 

a probable explanation of what the user might be dealing with and the severity of the illness by giving questions 

that revolve around the area of the mouth which asks about what particular symptoms the user currently has, 

after the list of symptoms is created, it will be processed through machine learning algorithms, in this particular 

project the main algorithm used is Extreme Gradient Boost, also known as XGBoost, although other algorithms 

are also as comparisons. Other algorithms used are random forest and TensorFlow Keras, specifically multilayer 

perceptrons which are used for multi-class classification. XGBoost shows that it has better performance when 

dealing with this issue. 
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