CHAPTER S
IMPLEMENTATION AND TESTING

5.1. Implementation

1. import math

2. import numpy as np

3. temp_euclid =[]

4. for b in uji_tfidf:

5 i=0

6. e_doc = np.zeros(len(liststem))
7. ~for docin liststem:

8.  for ain list_tfidf:

9. square = a['info'][i]['w']-b[a['term']]
10. temp = math.pow(square,2)
11% e_doc[a['info'][i]l['doc']] += temp

12. e_doc[i] = math.sqrt(e_doc]i])
13. i+=1

14. temp_euclid.append(e_doc)

15. for d in temp_euclid:

16. minv = min(d)

17. result = (np.where(d == np.amin(d)))
18. print(label[result[0]])

19. print(minv)

20. print(d)
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Line 1-2 import python library math and numpy, used for calling
mathematic function. Line 3 makes variable temp euclid, Line 4 calls uji_tfidf
variable as b, line 5 declares ‘i’ equal with 0. Line 6-13 calculate KNN algorithm,
all array from testing document is called then the result of Tf-Idf testing is minus
by Tf-Idf training and squared, after that the result is added by all texts inside
document start from zero, then every words is multiple by the result erlier. Finally,
data training which is score closed to data testing will shown with the rank and its

result with every text in document.

5.2. Testing

A . e TN b L WM C D E F

i times‘tamé _ltweet_TexT username all_hashtags  followers label
.2./10/30/2013 21:23 Here's the first video launched as part of #8umpahPemuda20189. It symbolizes t| KBRIWashE ['SumpahPemu 19141 P
| 31,,10/30/2019 21:23 He also officially launched two musicvideos co-produced by @IKPAWDC &amp KBRIWashC ['SumpahPemu 19141 P
4 110/30/2019 21:23 Following the ceremony, Amb. Siregar led a discussion session with the studen KBRIWashC ['SumpahPemu 19141 P

5 10/30/2013 15:46 the founding fathers... #2013 #01 #latepost #throwbackthursday#throwback #th ayteguhas ['latepost’, ‘thrc 478 P
6 10/30/2019 15:35 What did you dowhen you were 25 years old? #latepost #2019 #0L#throwbacki ayteguh99 ['latepost’, 'thrc 478 P
7 |10/30/2019 13:51 Their Reddish Freedom Fighters Bloods... #latepost #2019 #01 #throwbackthurs ayteguh9s ['latepost’, 'thrc 478 P
| _110/25/2015 13:59 Highlight Trending #5umpahPemuda2019 https://t.co/WCaGSQRM24 gheritam Beritamedi ['SumpahPemu 9p
N=d 10/29/2019 5:00 Monvar - #NineOrNone #Membingkailogjalstimewa #ldnamAzis4Kapolri #GueC zikitanurse ['NineOrNone', 23 p
|10 10/29/2019 4:59 Monvar- #NineOrione #Membingkailogjalstimewa #ldhamAzis4Kapolri #5ueC zikitanurse ['NineOrNone', 23 p
| 1k { 10/29/2019 4:58|Monvar - #NineOrNone #Membingkailogjalstimewa #ldhamAzis4Kapolri #GueC zikitanurse ['NineOrNone', 23 p
12 | 10/29/2019 4:24 LAWAN!! #OrdeOligarki #ReformasiDikorupsi #SumpahPemuda2019 #Halal #un To_Nyelipy ['Orde0ligarki', 638 N
13_ 10/29/2019 3:41 [ RELEASE NOW ]. JACKET KOLABORASI VMX - HARI-MERDEKA - Dirt Launcher 1.4 vmx_id ['SumpahPemu 972 N
14| 10/29/2019 0:35 Dracaena Song Of Jamaica-Spiral - #NineCrNone #Vembingkailogjalstimewa #lc zikitanurse ['NineOrNone', 23N
15! 10/29/2019 0:33 Fans and everyone will spread the word to me and my family for becoming as a FYOfficial ['fans', 'everyor 565 N
16 10/29/2019 0:28 The direct path to socialize the social entrepreneurship is to be.among them ditkakimimpi ['socent’, 'social 256 P
17 10/29/20190:18 "Almost everythink that is great has been done by youth" ~ Benjamin Disraeli # ZabidiYakul ['SumpahPemu 141 P
18 10/28/2019 23:30 #wildlifeconservation is guarding nature heritage for the youth and future lead noviaranda ['wildlifeconser 238 P
19 10/28/2019 23:11 Late post #SumpahPemuda2019 https://t.co/gPVAHNWFYu glggmg ['SumpahPemu 4N
20 10/28/2019 16:41 @rakamars777 Sure do. It's ethic, in my opinion. What i post is trending in Jakar hmzhmtgn ['SumpahPemu 23 N
21 |10/28/2019 14:48 Hand Over: Iswear. | will never forget this moment 8Y"dY"“557"S #SumpahPer riezero_gre ['SumpahPemu 351 N
22 10/28/2019 14:18|"The limits.of my language means the limits of my world." -Ludwig WittgensteiieM_Farid ['SumpahPemu 20P
23 10/28/2019 13:58 Instagram: https:/ft.co/3B252Uk5Q0 #himapaiuhamka #SumpahPemuda2019 ht fatmauliani ['himapaiuham| 708 N
24 10/28/2019 13:55 The Lord Didi Kempot @slemancityhall- #ambyar #SumpahPemuda2019 https:/ riyanhello ['ambyar’, 'Sum 293 N
25 10/28/2019 13:34 jorr 2 project #3dcg #lokowiMintaMaaf #MauPeyuk #SumpahPemuda2019 #Thz Aralusld  ['3dcg’, Jokowil 6N
4 < » »| sumpahPemuda %3 T i i ’ B ]

Hlustration 5.2.1: Scraped Document

Above is an example document that has been scraped from Twitter using
the API key and Access Token. The data taken is timestamp, tweet, user account,
number of hashtags, and total followers. Label on the right side is supervised by

manual way.
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‘congress’, "1928', ‘amp', 'today', 'idea’, 'unityindivers', ‘lyric', 'say', 'despit', 'differ’, ‘one', 'http', 'co’, 'fefmh@
blog'], ['alse”, 'offici’, 'launch’, "two', 'music’, 'video', 'co’, 'produc’, 'ikpawdc', 'amp', 'compos', 'ulung', "tanoto’,
'involv', ‘'indonesian', 'student’, 'permiaswdc’, 'amp', 'indonesian', 'diaspora’, 'amp', 'youth', 'dmv', ‘area’, 'sumpahpemud
a2819', 'hsp2e19', 'indonesianway', 'inidiplomasi’, 'pemudamaju’, 'http', 'co', 'bsotiugi2z'], ['follow', 'ceremoni’, 'amb’,
'siregar’, 'led’, 'discuss', 'session', 'student', 'staff', 'mean’, 'amp’, ‘relev’, 'sumpahpemuda’, 'era’, 'sumpahpemuda2@l
9', 'hsp2@19’, 'indonesianway', 'inidiplomasi’, 'pemudamaju’, 'http', 'co', 'icp63Sokdt'], ['found', 'father', '2019', '€1',
'latepost’, "throwbackthursday', 'throwback', 'throwback', '91th', 'sumpahpemuda', 'sumpahpemuda2019', 'katedr', 'jakarta’,
‘humaskaj', "katholiekejongenlingenbond', 'kjb', "taman’, 'lapangan', 'banteng’, 'http', 'co', 'q@5pwopryz'], ['25%', 'year',
'old", 'latepost’, '2819', 'e1', 'throwbackthursday', 'throwback', '91th’, ‘sumpahpemuda’, 'sumpahpemuda2e19', 'cathol’, 'chu
rch', 'katedr', 'jakarta', 'humaskaj', 'beritakatolik', 'taman', 'lapangan', 'http', "co’, 'loohrs3frt'], ['reddish’, 'freedo
m', ‘fighter’, 'blood', 'latepost’, '2019', '@1', "throwbackthursday', ‘sumpahpemuda’, 'sumpahpemuda2e19', 'katedr', 'jakart
a', 'lapangan’, 'banteng', 'park’, 'http', 'co', '"tceox78kzf'], ['highlight’, 'trend', 'sumpahpemuda2e1d', 'http', 'co’', 'wca
gsqrm24', 'beritamedia’, 'trendingberitaterkini'], ['monvar’, 'nineornon’, ‘membingkaijogjaistimewa’, 'idhamazisdkapolri', 'g
ueorangindonesia’, 'taeyeon_spark', 'weloveyouminhyuk', 'persibday’, 'okbgajian’, 'ngapaindemo’, 'satukansemangatmu’, ‘prabow
o', "sumpahpemuda2el?’, 'gembokmulutmpud', 'thankyouwcojin', ‘maupeyuk', 'cpns2819', 'nadiemmunduraja’, "http', 'co', 'lohbke
k&fa'], ['monvar’, 'nineornon’, ‘membingkaijogjaistimewa', 'idhamazisdkapolri', 'gueorangindonesia’, 'taeyeon_spark’, ‘welove

vouminhvik'. ‘nersihdav'. 'nkhraiian'. 'neanaindemn’. 'satukansemansatmi’. "nrabmin’. 'simnahnemuda?@1@’ . ‘cemhokmulitmond '

Hlustration 5.2.2: Document After Pre-processing

The picture above is a form of tweets in the document that has gone

through the pre-processing stage. Each tweet will be divided into words where it

has become just a basic word without symbols, numbers and common words.

: [{'doc’': @, 'coumt': @}, {'doc’: 1, 'count': @}, {'doc': 2, ‘count': @}, {'doc’: 2, 'count':; 2}, {'doc’: 4, 'count': 1}, ~

5, "count':'1}, {'doc’': 6, 'count®: B}, {'doc’: 7, 'count’: 8}, {'doc’': 8, "count’: @}, {'doc’': 9, "count': @}, {'do
‘count’: @}, {'doc’: 11, ‘count': @}, {'doc®: 12, ‘count': @}, {'doc’: 13, 'count': @}, {'doc’': 14, ‘count': @}, {'do
‘count’: @}, {'doc': 16, ‘count’: @}, {"doc’: 17, 'count': @}, {'doc': 18, 'count': @}, {'doc’: 19, ‘count': @}, {'do
‘count’: B8}, {'doc': 21, ‘count': @}; {'doc’: 22, ‘eount': @}, {'doc’': 23, ‘count': @}, {'doc’: 24, ‘count': @}, {'do
‘count': @}, {'doc': 26, ‘count': @}, {'doc’: 27, ‘count': @}, {'doc': 28, 'count': @}, {'doc’': 29, ‘count': @}, {'do
‘count': @}, {'doc': 31, ‘count': @}, {'doc’: 32, ‘count': @}, {'doc’': 33, 'count': @}, {'doc’: 34, ‘count': @}, {'do
‘count': @}, {'doc': 36, ‘count': @}, {'doc’: 37, ‘count': @}, {'doc’': 38, 'count': @}, {'doc’: 39, ‘count': @}, {'do
‘count': @}, {'doc’: 41, ‘count': @}, {'doc’: 42, ‘count’: @}, {'doc': 43, 'count’: @}, {'doc’': 44, ‘count': @}, {'do
‘count”: {'doc': 46, ‘count': @}, {'doc’: 47, ‘count’: @}, {'doc': 48, 'count': @}, {'doc’: 49, ‘count': @}, {'do
‘count”: {'doc®: 51, ‘count': @}, {'dec’: 52, ‘count®: @}, {'doc’': 53, 'count': @}, {'doc’: 54, ‘count’: @}, {'do
‘count’: @}, {'doc®: 56, ‘count': @}, {'doc”: 57, ‘count’: @}, {'doc’': 58, 'count’: @}, {'doc’: 59, ‘count': @}, {'do
‘count': @}, {'doc": 61, ‘count‘: @}, {'doc’': 62, ‘count': @}, {'doc’': 63, 'count': @}, {'doc’': 64, ‘count’: @}, {'do

Ilustration5.2.2: Term Frequency Result

988229636, 4.6347285988229636, 4.5634728988225626, 3.9415818876696905, 2.33214389523559, 4.534728988229636, 4.63472898822
4.6347289882296236, 2.842969510001581, 4.624728088229636, 4.634728088229636, 4.624728088229636, 4.634728988229636, 4.634
220636, 4.634728088229636, 4.634728088229626, 4.634728088220636, 4.634728088229636, 4.634728088229636, 4.63472893822963
34728988220636, 4.634728088229636, 4.634728088220636, 4.634728088229636, 4.6347289388220636, 4.634728988220636, 3.0941581
6995, 4.634728088220636, 4.6347280858220636, 4.6347280988229636, 4.634728938220636, 3.5261166005615263, 4.6347289838229636
4728988220636, 4.634728088220636, 4.634728088220636, 4.634728088220636, 4.624728088229636, 4.634718988229636, 4.6347289
36, 3.8415812076096%05, 3.0415818676696965, 3.94158180760696005, 4.634728098822060306, 4.634728088220636, 4.634728983225636
750441088934163, 4.634728988226636, 4.634728588229636, 4.634728588229636, 4.634728988229636, 4.634728988229636, 4.634728
636, 4.634728988229636, 4.634728985229636, 4.634728908229626, 4.634728988229030, 4.634728988229636, 4.0634728988229636,

280988220626, 4.624728988220636, 4.634728988229636, 4.634728088229636, 4.634728988229626, 4.06247289882290636, 4.634728988
6, 3.94158180766096905, 4.634728988229636, 4.634728088229636, 4.634728988229636, 3.04158180766969@5, 4.634728988229636,

28988220636, 4.634728988220636, 4.634728988229636, 4.634728888220636, 4.634728988220636, 4.634728988229636, 4.634728988
6, 3.248434627109745, 4.634728988229636, 4.634728088220636, 4.634728988220636, 3.9415818876696905, 4.634728988229636, 4
8988220636, 4.6247280988220636, 4.634728988220636, 4.634728088229636, 4.634728088220636, 4.634728088229636, 4.6347285882
4.634728988229626, 4.634728988229636, 4.034728988229636, 4.634728988229636, 4.634728988229636, 4.634728988229636, 4.634
229636, 4.634728088229636, 4.634728988229636, 4.634728988229636, 4.634728988229636, 2.94158180766969095, 4.6347289882296

Ilustration 5.2.3: Inverse Document Frequency Result
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a': 0.8}, {'doc': 64, 'w': 0.8}, {'doc': 65, 'w': @.8}, {'doc': 66, 'w': @.0}, {'doc’': 67, 'w': @.8}, {'doc’: 68, 'w': 0.8},
‘doc’: 69, ‘'w': @.8}, {'doc’: 78, 'w': ®.8}, {'doc’': 71, 'w': @.8}, {'doc’: 72, "w': @.8}, {'doc': 73, 'w': @.8}, {'doc': 7
» 'w': @.e}, {'doc': 75, 'w': @.@}, {'doc': 76, 'w': @.8}, {'doc’: 77, 'w': @.@}, {'doc’: 78, 'w': @.8}, {'doc’': 79, 'w': @.
1, {'doc’: 8@, 'w': @.8}, {'doc’: 81, 'w’: 8.8}, {'doc’': 82, 'w': @.8}, {'doc': 83, 'w': @.8}, {'doc’: 84, 'w': @.8}, {'do
": 85, 'w': @.8}, {'doc': 86, 'w': ©.8}, {'doc’': 87, 'w': ©.8}, {'doc': 88, 'w': 8.8}, {'doc’': 89, 'w': 0.8}, {"doc': 9@,
4"t 8.8}, {'doc’: 91, 'w': @.@}, {'doc’: 92, 'w': @.8}, {'doc': 93, 'w': @.8}, {'doc’: 94, 'w': @.8}, {'doc': 95, 'w': @.8},
"doc’: 96, ‘'w': @.8}, {'doc’': 97, 'w': @.8}, {'doc’': 98, 'w': @.8}, {'doc’': 99, 'w': ©.8}, {'doc’: 188, "w': ©.8}, {'doc’: 1
1, "w': 0.8}, {'doc': 162, 'w': ©.8}]}, {'term': '®1', "info': [{'doc': @, 'w': 8.8}, {'doc": 1, 'w': @.8}, {'doc': 2, ‘w’
.8}, {'doc': 3, "w': 3.5361166995615263}, {'doc’: 4, 'w': 3.5361166995615263}, {'doc’: 5, 'w': 3.5361166995615263}, { 'doc':
» 'w': 0.8}, {'doc': 7, 'w': @.0}, {'doc’: 8, 'w': 0.8}, {'doc': 9, 'w': @.0}, {'doc’: 18, 'w': @.8}, {'doc’: 11, 'w': 0.8},
"doc": 12, : @.8}, {"dec': 13, 'w': @.0}, {'doc': 14, 'w': ©.0}, {'doc': 15, 'w': ©.0}, {'doc': 16, 'w': 0.0}, {'doc 1
» 'w': 0.8}, {'doc': 18, 'w': @.@}, {'doc': 19, 'w': @.8}, {'doc': 2@, 'w': @.@}, {'doc': 21, 'w': @.8}, {'doc': 22, 'w': @.
}s {'doc’: 23, 'w': @.@}, {"doc': 24, 'w': 6.8}, {'doc': 25, 'w': @.8}, {'doc': 26, 'w': @.8}, {'doc': 27, 'w': @.8}, {'do
":28, 'w': 0.8}, {'doc': 29, 'w': 0.8}, {'doc': 3@, 'w': @.0}, {'doc': 31, 'w': @.8}, {'doc': 32, 'w': @.8}, {"doc': 33,

: 8.8}, {'doc’: 34, 'w': @8.8}, {'doc’: 35, 'w': @.0}, {'doc': 36, 'w': @.0}, {'doc’: 37, 'w': @.8}, {"doc’: 38, 'w': @.8},
‘doc’: 39, ‘w': @.8}, {'doc’: 48, 'w': ©.8}, {'doc’': 41, 'w': @.8}, {'doc’: 42, "w': @.8}, {'doc': 43, 'w': 8.8}, {'doc’': 4
, 'w': 8.8}, {'doc': 45, 'w': 8.0}, {'doc': 46, 'w': 8.0}, {'doc’: 47, 'w': @.8}, {"doc’: 48, 'w': 9.8}, {'doc’: 49, 'w': @.
3 . .

FPdar's FA ''e A AT Fidast. ra St. A Al f'dast. o rAa e A Al fAast. P . oA Al fldast. ra '. oA Al fhda

Illustration 5.2.4: Tf-1df Result

The above results-are Tf-Idf from the data to _be tested. It may took a few
minutes to caleulate the document using python because of how massive the

document is. Save the result for k-Nearest Neighbour calculating.

uji_tfidf.append(results)
print(uji_tfidf)

t': 8.8, 'social’': 0.0, 'socialcar’: @.8, ‘socialentreprencurship’: 6.8, ‘socialwork®: ©.8, ‘societi': @.8, 'solv’: 0.8, ‘son
g':@.0, 'spend’: 0.0, 'spiral’: @@, 'spotifi’: €.8, 'spread’: 0.8, ‘spririt’: 8.0, "staff': @.0, "stand’: @.0, 'startup’:
9.9, ‘stay’: @.0, 'still’: @.8, ‘stori’: 8.8, ‘stray’: 0.8, 'stray_kid': 8.8, ‘straykid': 8.8, ‘streak’: 0.9, 'strip': @.e,
‘struggl': 8.0, 'student’: @.8, 'submit': @.@, 'subscrib': @.@, 'suffer’': 8.0, 'sumpah': 9.8, 'sumpahpemuda': ©.0, "sumpahpem
uda2019': @.8, 'sumpahpemudajagankri': €., ‘superl®’: @.e, 'support': 0.8, 'surabaya’: 8.8, 'sure': @.8, 'susanti': @.8, 'su
si': 8.8, 'susisusanti': @.8, 'swear': 8.0, ‘sydney’': @.0, 'symbol': @.0, 'sznonapkux': 8.8, 'taboo’: @.8, 'taeyeon_spark’:
8.0, 'talk’: .9, ‘taman’': @.0, 'tanggal': @.8, 'tancto’': 8.8, 'tardit': 8.8, 'tceox78kzf': 8.0, 'tebarpuisi': 0.8, 'teeth':
0.0, 'tehtjemplung’': @.@, "terbatasnya': @.8, 'test': 8.8, 'thank': 8.9, 'thankyoukimwcojin': @.®, 'thankyouwoojin': @.e, 'th
ing': e.e, 'throwback’: ©.e, "throwbackthursday': @.8, ‘time': @.e, 'titip': e.e, "today': ©.e, 'togelhk’': @.e, 'togelhongkon
g': 9.8, 'togelonlin': @.0, 'togelsgp': 0.0, 'togelsydney': 8.6, "togeth': 6.@, 'tokopedia': ©.8, 'totebag': @.0, 'toxic': @.
@8, 'travel': 8.8, "travelgo': ©.@, 'trend': ©.8, 'trendingberitaterkini': ©.e, "trip': ©.8, 'trlzkzk2ut': €.e, 'true': 8.8,
‘trust’: 0.9, 'tua’: @.0, ‘twitter': @.0, ‘two': 0.8, ‘u’: 8.0, 'u7lukstzg7’: 0.8, 'ulung’: ©.8, 'uneduc’: @.0, ‘unindra’: @.
@, 'unityindivers': ©.8, 'unproduct’': @.e, 'us': 0.8, ‘varieti': 0.8, ‘vazaioiuw6': @.8, 'via': 0.0, ‘video': ©.0, 'videomoti
vasi': @.0, ‘wvideovir': 8.0, ‘visit': 9.8, "vmx': ©.8, ‘vnbwvifxmpg': 8.0, 'volleybal': 8.8, 'w': ©.0, ‘wae': 0.0, 'warebo’:
9.9, 'watch': 0.8, "way': 0.8, 'wcagsqrm24': €.8, ‘websit': @.6, 'well': 8.6, 'weloveyouminhyuk': @, 'weloveyouwoojin': @.
I 9, ‘westpapua’: 0.8, ‘wewinason': 3.5361166995615263, ‘whatsapp’: 6.8, ‘whole': 9.8, ‘widalovekidz .0, 'wikipuis
‘wildlifeconserv®: 0.8, "win': 0.0, 'wish': 0.8, "withdraw': 8.8, ‘wittgenstein': 8.8, ‘wizard bulu': 8.8, 'wkwkwk': 0.8, 'wo
| jiin": 8.0; ‘wonder': @.8, ‘wenderfulindonesia': @.8, ‘word': @.8, 'wordpressdotcom’': 8.8, 'world': 8.8, ‘worlddddddddd': @.
9, 'wpaptxaad': 0.8, 'wtoadnzmli': @.e, 'xj7scezpjm': @.8, 'xscpSskefa’: @.8, 'yah': 8.8, 'ybd4ipktfb': @.e, 'year': 0.0, 'ye
h'sa .

fumrets 8@ CufrauGOwist: Ge@ Cuwials @8 Cusuns's 86 Cusith's 88 Cusnsheladradacts 88 Cusontuh's 8o

In [28]: import math
import. numpy as mp

Illustration 5.2.5: Tf-1df Data Training Result

Data training have-to be tested, therefore the data-will be calculated using

k-Nearest Neighbour algorithm.
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for b in uji_tfidf:
i=m29
e doc = np.zeros(len{liststem))
for doc im liststem:
for a in list_tfidf:
square = a[ "info'J[i]['w']-b[a[ "term']]
temp = math.pow(square,2)
e_doc[a[ "info"][i][ "doc']] += temp
e doc[i] = math.sgqrt(e_doc[i])
i+=1
temp _euclid.append{e doc)

Ilustration 5.2.6: k-Nearest Neighbour Algorithm Formula

35 V]

Mame: label, dtype: object

3.6677981234544

[28.28944475 38.2869862 26.91860624 26.22601631 26.83299687 24.632159175
21.9825822 24.88281844 24 .90201844 24.68201844 22.7677744 30.99783465
25.23988671 306.53867578 26.16648811 22.61612582 25.34628632 21.10109557
27.1786898832 22.44445871 26.895813852 21.6113329 22.7@77744 23.76257759
22.9179938 20.44913428 22.856801051 22.39411754 20.78968418 21.46131714
28.8126595 29.71979126 27 .15248676 22.69564798 28.54466855 1 3.66779012
21.34967357 21.53381065 21.74124174 28.74564928 23.27512434 23.0951584
23.961229332 26.84321319 27.48867804 21.23993335 24.28008426 26.40227532
20.72969288 23 .8336270F 28.77532088 21.24148958 21.74124174 30.56625021
26.52647593 24.58433714 208.5094%913 22.2297517 21.34967357 20.544656055
26.49865834 23.25671849 20.727176 20.72969288 28.19195583 21.48645839
29.46185228 23.20765229 23 .44445871 27.82530277 20.54466@55 20.544660855
20.58327426 34.07144471 21.74124174 21.64853333 20.54466@55 32_.31668273
23.17592999 23.89560465 26.0269981 28.28235417 26.52651809 20.068471
28.63284569 21.88850713 29.1571692 21.3953349 21.73884197 20.54466055
28.8069157 21.82715601 21.82912952 21.68502586 21.3952340 20.36846649
21.82912952 21.70771866 28.71425097 22.54979450 7@.73306515 20.816732468
21.74124174]

58 P

Mame: label, dtype: object

4.696394914598546

[26.39535438 28.60495574 25.01186399 24.26498646 24.85522968 22.53125181
1e.60e4051 21.84121984 21.84121%64 21.384121984 20.41641347 29.35656166
23.1938237  29.8B9607223 24.19973265 .-20.30839991 23.31653966 18.50640196
24.36480241 208.11784965 25.05360637 19.18311584 20.41841247 21.51172189
20.64484629 17.8533264 19.67599866 20.06086888 18.25247732 15.61394471
27.93907802 28.00371319 25.26261065 19.727129e3 17.9728972% 23.917536681
12.88784857 19.089573149 19.32934434 26.96765267 21.83986448 20.384858898

Iustration 5.2.7: k-Nearest Neighbour Algorithm results

The number on top is where the number of row data testing is inside data
training and the side of it is its label. Below it is the value of data testing and the
like-table number is every value of data training. If the value of training is near

testing value, it declared as its name. .



